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RapidMiner Predictive Analytics: easyto use, deploy, and
Integrate z no programming required
Key Business Metrics

Company Overview A Founded as Rapid in
A Provides software, solutions, and services for predictive 2007 in Dortmund,
analytics, data mining, and text mining Germany; U.S. office

opened in 2012
A 40 employees worldwide

A Flagship product RapidMiner is the world -leading open-
source system for knowledge discovery, data mining,

and sentiment analysis A 10,000+ downloads/mo.
I Easyto use, blazing fast, and very easy to integrate A 35,000+ active
with any IT infrastructure deployments, with
i Support from a thriving community of contributors 200,000+ active users
creating new extensions and applications A 1000+ trained experts
I Processesdesigned in RapidMiner can be one-click A 500+ customers in over
deployed to RapidMiner Server, and instantly used 50 countries

for interactive reports, dashboards & web services
A 35+ channel partners

A A unigue Marketplace forindependent developers to

) : . ) : A 100+ active developers
publish and monetize their innovative extensions P



Ralf Klinkenberg

Ralf Klinkenberg

General Manager
RapidMiner GmbH

rklinkenberg@rapidminer.com
+49231-425786-92

A M. Sc. in Computer Science from Missouri University of Science and
Technology (MST), USA:focus on machine learning and artificial
intelligence

A M. Sc. in Computer Science from Technical University of Dortmund,
Germany: focus on machine learning , data mining , and text mining

A Data mining and text mining research at MST and TU Dortmund

A 2001 Co-Founder of the RapidMiner Open Source Data Mining
Software Project (formerly YALE) with Dr. Ingo Mierswa and
Dr. Simon Fischer

A 2007 Co-Founder of the company Rapid-l GmbH with Dr. Ingo
Mierswa

A 2013 Rapid-l GmbH renamed to RapidMiner GmbH

A 2014 Gartner positions RapidMiner in Leaders Quadrant for
Advanced Analytics Platforms

A 22 years of experience in machine learning , data mining , text
mining , web mining , predictive analytics, and their applications

A Numerous analytics projects in telecom , automotive , aviation ,
manufacturing , retail , internet , market research, and government
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RAPIDMINER:
SOLUTIONS AND

"APPLICATIONS

RapidMiner delivers the power of predictive analytics to
business users. No programming required.



RapidMiner Visual Environment

With access to over 1,500 operators, the Javabased visual environment of
RapidMiner allows for rapid data mining process development
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Q Decision Tree

Synopsis

Leams a pruned decision tree which can
handle both numerical and nominal
attributes.

Description

This operator learns decision trees from
both nominal and numerical data
Decision trees are powerful classification
methods which often can also easily be
understood. This decision tree leamer
works similar to Quinlan's C4.5 or CART.
The actual type ofthe tree is determined
by the criterion, e.g. using gain_ratio or
Gini for CART f C4.5.
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RapidMiner Server
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Representative
RapidMiner Server
Dashboard

The RapidMiner Server
provides enterprise -wide
process development and
process to web -service
conversion with dynamic
dashboards and data
visualizations.
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RapidMiner Data Visualization

Supported by strong analytics capabilities, the RapidMiner suite of
applications let users visualize their data and models in a myriad of

dynamic, customizable outputs.
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Application Wizard

Application Data

Direct Marketing

o Select Application

Direct Marketing

What was once a postal delivery channel has now expanded
to include text messages, emails, online ads and other
digital advertising. Businesses must account for spending
across these platforms and provide analytics to support ROI
metrics. The RapidMiner Direct Marketing Wizard allows
businesses to invest only in marketing actions with the
highest conversion rates and helps reduce costs by
improving targeting.

Churn

The cost of retaining an existing customeris far less than
acquiring a new one. RapidMiners Churn Analysis Wizard
sifts through your customer data to identify which customers
are most likely to switch to a competitor anc ¥, 50 that you
can implement a targeted retention campaign in a timely
fashion.

M))) rapidminer

ase of Use

Application Use Cases
for Business Users

Predictive Maintenance

Product manufacturing is unlike any other business and
sudden malfunctions can stop your business on a dime,
resulting in lost revenue and production concerns. The

Rapi Wizard transforms the
unknown into the predictable, r g both unnecessary
maintenance costs and unexpected failures. Start increasing
your planned maintenance and stop reacting to the
unplanned disasters.

Sentiment Analysis

Markets are conversations, and social media is an endless
source of conversations where products, services and
brands are both praised and criticized in real time. Properly
analyzed, these conversations can you direct insight into
your customers’ thinking. Plug RapidMiner s Sentiment
Analysis Wizard into the social media stream and see what
customers are saying about your business.

Ease of Use and First
Predictive Analytics
Results within 2-5 min.
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A Use Case Templates Ste p 1 :
Template Data Direct Marketing Se I ect yo ur use case.

Direct Marketing Data

To run a direct marketing campaian you need data about your
customers. In your data table, use one row per customer. For some
of them you need to know whether or not they responded to previous
campaign (or an evaluation sample if a previous campaign does not
exist). Mame that column response, using the values yes and no.
For the remaining customers, you can leave the column blank.

Customer Characteristics

Besides this, you can use as much information as you can getto
characterize your customers. Here are some ideas:

# Demographic data: Age and gender are often the most
relevant influence factors. From the zip code you can infer
other relevant properties (rural/urban, purchasing power,
etc.)

# Web logs: If you have a Web site, you can extract
information on the number of visits or purchases in the past.
Browser type and ISP or email providers (free vs premium)
may be characteristic properies.

# Social media: Link up with Facebook or Twitter to learn
about interests and habits of your customers.

Any ofthese should be added as a separate column to your data set.
Do not use too much redundancy, but try to focus on what you expect
to be the best indicators.

'13] Use demo data L__\_ln' Open file

Demo Data

Ifyou want to get an impression of how such a data set should look
like, click on "Use demo data™

Isnenore. Step 2: Select your data
set by drag & drop or via
Q/)l)rapidminer flle browser .
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A Use Case Templates

Template Data Direct Marketing
Your Data &9 Clear data
Direct Marketing Data
age gender area email mobile logins 4 weeks logins 6 months sales 4 weeks sales 6 months sales total response
g€ g 9 9 =L To run a direct marketing campaign you need data about your
76.0 male urban free never 0.0 0.0 0.0 0.0 B7.0 no customers. In your data table, use one row per customer. For some
ofthem you need to know whether or not they responded to previous
63.0 male urban premium always 1.0 7.0 0.0 0.0 0.0 no campaign (or an evaluation sample if a previous campaign does not
exist). Name that column response, using the values yes and no.
43.0 male  urban fmail never 0.0 0.0 0.0 0.0 0.0 yes For the remaining customers, you can leave the column blank.
240 male urban fmail never 0.0 0.0 0.0 0.0 0.0 no o) Customer Characteristics
Besides this, you can use as much information as you can getto
Your data setis large. We recommend to run it on a sample of the data to test this template first. characterize your customers. Here are some ideas:

[] Run template on the full data set - Demoagraphic data: Age and gender are often the most

relevant influence factors. From the zip code you can infer
other relevant properties {ruraliurban, purchasing power,
eic.)

& Web logs: If you have a Web site, you can extract
information on the number of visits or purchases in the past.
Browser type and ISP or email providers (free vs premium)
may be characteristic properties

@ Social media: Link up with Facebook or Twitter to learn
about interests and habits of your customers

Please select a column containing the
information whether or not a customer
responded to your mailing campaign.

Any of these should be added as a separate column to your data set.
Take me to Do not use too much redundancy, but try to focus on what you expect
1o be the bestindicators.
the results
Demo Data
Ifyou want to get an impression of how such a data set should look
like, click on "Use demo data™

®no @

response

Step 3:

View your data and select
the target variable,

for example the customer
response In a direct mailing .

n Tell me more
Positive class:



RapidMiner 6: Quick Results

)ﬁr Use Case Templates

Template Data Results Direct Marketing
. Direct Marketing Actions
o Analytical Results g
Congratulations, you have successfully run a direct marketing
= analysis. This dashboard shows what actions to take next.
Influence Factors Decision Tree Influence Factors
10 i § The two images atthe top help you understand your customers.
' |sale56 months | The bar chart shows which of the properties of your customers
0.8 h } have the biggestimpact on whether or not they respond to your
0.8 >33 =37 campaign. The decision tree next to it displays how you can
0.7 L | identify potential responders. Follow a path from the rootto a leaf
-0g yes | age\| and observe the criteria identifying this customer group. The leaf
g . — — itself indicates whether there are more responders or more
g 0.5 non-responders in that gruop.
0.4 \ -
: s I Customer Selection
b3 Atthe center, we have a table of customers that we recommend
02 \ for addressing in your marketing campaign. These are the
0.1 customers for which the generated model achieves the highest
confidence values.
0.0
£ 5 2 £ 5 £ F L% O& Sample Evaluation
= =} L = 1= 2 g ] g
g £ EY g i z The predictive model generated by this template utilizes the
w o E i n customer data you provided. It is often costly to obtain such data
%‘ E = g. since evaluation campaigns have to be run, etc. The elements in
v E‘ = the bottom row help you to decide whether or not you have
Attribute collected enough data. The "Learning Curve”™ on the leftvisualizes
how the prediction quality increases as more and more data
These are the mostimportant features that characterize your This model describes how to characterize your customers as samples are added while generating the model. If this line is still
customers. responders or non-responders. rising at the far right, this indicates that the model may still benefit
from addina more data.
'\S:] Show me how it works!
Target Grou
g P 3 ExportHTIL

Step 4: Run the analytics process.
Step 5: View analytical results ,
gain valueable insights .



RapidMiner 6: Deployment
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Step 6: Deployment: View the

Integrate it, automate it, deploy it,
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underlying RapidMiner
process details , customize if necessary, apply it,

ItYis that simple.




RapidMiner Integration Options

RapidMiner offers a broad range of integration options :
ARapidMiner Engine: Java A P U (3 Rapi dMin
ARapidMiner Sever: Web Services

ARapidMiner Server: Reportlets (3seamless into Cog
ARapidMiner Server: Process Scheduler & Trigger

AData Exchange: via Java API, SQL Databases, Files,
NoSQL Databases, Hadoop, Hive, Web Services, etc.

ACommandline calls (3the old wayj, also still
ABundling

)))) rapidminer
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RapidMiner OEM Partnership

Advantages of a RapidMiner OEM Partnership :

ARapidMiner as proven powerful and flexible engine for your
solutions: meet all predictive analytics, data mining,
text mining, web mining, image mining, audio mining needs

ARapi dMi ner Java APYU for seaml e
l nside}y ) and easy extension an:

ARapidMiner web services for easy IT integration
ARapidMiner Marketplace: RapidMiner Extensions by 3 ' parties
AWorld -wide community of RapidMiner experts

AJoint business plan and joint business goals

)))) rapidminer



RapidMiner Download & Test

http://rapidminer.com/products -2/rapidminer -studio /

http://rapidminer.com/download -rapidminer/
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THE #1 PREDICTIVE
ANALYTICS SOLUTION

RapidMiner is unmatched in the industry.



Highly -Ranked Vendor

Source: Rexer Analytics Survey 2013
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